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UFZs: A Novel Method to Identify Urban Fire Zones

ABSTRACT

Motivation:

- Itis estimated that 600,000+ outdoor
fires occur annually across the U.S.

- Most of these fires occur in the
intersection between wildland and urban
areas — the Wildland Urban Interface
(WUI).

- Tools for predicting and simulating fire
spread within these urban environments
are limited.

Contributions:

- A new tool prototype to locate and
classify hazardous urban fire zones.

Uses:

- ldentify fire-prone urban and vegetation
layouts.

- Analyse the correlation of features of the
landscape with how fire prone the region
is.
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1. Prominent Landscape Features in Los Angeles: A Case Study

There are different tree patterns observable in
downtown Los Angeles, from the triangulation plots P
shown. There are regions of structured plantain-like i
street trees (left) and regions of scattered trees il
(right). We can use the clustering patterns of the
Tl trees to predict if a region is inside a fire prone zone

A full map of LA's Iar?agggbe: Using the U-Tree and MS Buildings datasets
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2. Preliminary Evaluation and Hypothesis
The fire history data (from Cal Fire) for part of the region is displayed on the

right as polygons

We use the above data (A-D) to create a feature vector for each "unit" as a
sample and then train a support vector machine to predict whether a unit is
within a fire history zone

We hypothesize that some features (like tree counts and area of buildings) will
influence the prediction more than others (like height of buildings)

Challenges and future work: Scaling to other cities and using more complex
features of the landscape (example, inter-tree clustering from the triangulation)
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